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ABSTRACT
Research Originality: This research is original in its examination 
of the spatial influence of financial development on poverty in 
Indonesia. 
Research Objectives: This study investigates the impact of 
financial development on poverty reduction in Indonesia.
Research Methods: This study employs a spatial econometric 
approach, analyzing data from 2016 to 2021. Key variables 
include credit-to-GDP ratio, third-party funding-to-GDP ratio, 
government spending, the human development index, and 
deposits-to-GDP ratio.
Empirical Results: The findings reveal significant spatial 
dependence in poverty across Indonesian regions. The credit-
to-GDP ratio did not significantly reduce poverty, whereas 
the third-party funding-to-GDP ratio showed a positive and 
significant effect on poverty reduction. Government spending, 
the human development index, and the deposits-to-GDP ratio 
contributed to poverty alleviation.
Implications: These results suggest that Indonesia’s financial 
sector development has not effectively reduced poverty. 
Policymakers should focus on targeted financial reforms, regional 
coordination, and improving socio-economic factors to enhance 
poverty reduction efforts.
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INTRODUCTION
Poverty has been a social issue of concern throughout history, particularly in 

developing countries (Daimon, 1998; Liu & Xu, 2016). In the effort to alleviate poverty, 
Indonesia has made remarkable strides since the post-monetary crisis of 1998, with a 
decline from 24.2% in 1998 to 9.57% in 2022. However, Nugroho et al. (2021) have 
noted that poverty reduction efforts have slowed in recent years, with an average decrease 
of 0.31% per year from 2015 to 2019, compared to 0.8% from 2008 to 2015. Moreover, 
Indonesia is relatively vulnerable to poverty, with 22.4% of its population living in poverty 
or at risk of it (World Bank, 2022). The country is susceptible to various shocks such 
as economic crises, health crises, inflation, and natural disasters (Dartanto, 2022; Fitriadi 
et al., 2022; Skoufias et al., 2012; Suryahadi et al., 2012), making poverty alleviation a 
critical priority for the government (Olivia et al., 2020; Sparrow et al., 2020).

Numerous recent studies have attempted to identify the underlying factors in poverty 
alleviation (Deng et al., 2020; Fahad et al., 2022; Y. Liu & Xu, 2016; Su et al., 2021). 
Some literature highlights the importance of financial development in reducing poverty 
in developing countries (Appiah-Otoo et al., 2022; Beck et al., 2007; Cepparulo et al., 
2017; Zhu et al., 2021). Financial development can enhance the chances of poor people 
accessing finance by addressing financial market failures, such as information asymmetry 
and high borrowing costs for borrowers (Jalilian & Kirkpatrick, 2002). It also enables 
the poor to start micro-enterprises using savings or loans, improving access to financial 
services, increasing employment opportunities, and ultimately reducing poverty (Appiah-
Otoo et al., 2022). 

In their study in Egypt, Abosedra et al. (2016) found that poverty could be 
reduced through the development of the financial sector, mainly when domestic credit 
for the private sector was used as a measure. This finding confirmed the direct impact 
of financial sector development in providing better access to financial services such as 
credit and insurance for people experiencing poverty in Egypt. The study also showed the 
indirect impact of financial sector development on poverty reduction through economic 
growth. However, this was only evident when M2 was used to measure financial sector 
development, and infant mortality per capita was used to measure poverty. These findings 
are consistent with studies by Uddin et al (2014) in Bangladesh, Sehrawat & Giri (2016) 
in India. Several researchers have shown that a sound financial development system can 
reduce poverty (Erlando et al., 2020; Kaidi et al., 2019; Sehrawat & Giri, 2016). Using 
data from 44 Sub-Saharan African countries from 2010-2019, (Acheampong et al., 2021) 
found that financial development significantly reduces poverty for both men and women. 
These findings are consistent with those of (Akhter & Daly, 2009; Odhiambo, 2009, 
2010; Rewilak, 2017; Uddin et al., 2014). 

Although previous literature has helped improve our understanding of the relationship 
between financial development and poverty reduction (Beck et al., 2007; Donou-Adonsou 
& Sylwester, 2016; Erlando et al., 2020), most of the existing literature on financial 
development and poverty reduction does not consider the role of spatial interdependence, 
particularly in the context of Indonesia. Studies by Jalilian and Kirkpatrick (2005) and 
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Kiendrebeogo and Minea (2016) emphasize the potential for spatial spillover effects but do 
not explicitly address these in their empirical models. In addition, while significant progress 
has been made in understanding the direct effects of financial development, research on 
its spatial dynamics and interactions across regions remains scarce. This study aims to 
fill these gaps by analyzing the spatial influence of financial development on poverty in 
Indonesia using a spatial panel data econometric model. Unlike previous research, which 
primarily focuses on direct impacts, this study incorporates spatial interdependence to 
re-examine how financial development in one region influences poverty in neighboring 
regions. The novelty of this research lies in its focus on spatial spillover effects and its 
application to Indonesia, a country characterized by significant regional disparities.

METHODS
This study covers 34 provinces in Indonesia, as seen in Figure 1. Most Indonesians 

still live below poverty (Tohari et al., 2019). There are many areas with high poverty rates, 
especially in eastern Indonesia, which includes Papua, West Papua, Maluku, East Nusa 
Tenggara, West Nusa Tenggara, Central Sulawesi, West Sulawesi, as well as two areas in 
western Indonesia, namely South Sumatra, and Aceh. Meanwhile, areas with moderate 
poverty rates are mostly located in western Indonesia, including North Sumatra, Jambi, 
Riau, Lampung, North Kalimantan, West Java, Central Java, Yogyakarta, East Java, and 
three areas in eastern Indonesia, namely Southeast Sulawesi, North Sulawesi, and South 
Sulawesi. Similarly, areas with low poverty rates are mostly located in western Indonesia. 
The geographical condition, high diversity, population size, and many other factors pose 
significant challenges in alleviating poverty in Indonesia (Nugroho et al., 2021).

Figure 1. Poverty Rate of Indonesia, 2021

Source: author’s calculation
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The secondary data was used in this study. The panel data consists of 34 provinces 
in Indonesia for 6 years (2016-2021). The data was obtained from various sources, 
such as the Central Bureau of Statistics (BPS) and the Central Bank of Indonesia (BI). 
The data obtained from these institutions are dominant because they are extensive and 
relatively consistent every year. As for the variables used in this study, the dependent 
variable is poverty, measured using the poverty rate (Honohan, 2004; Kiendrebeogo 
& Minea, 2016), which is defined as the proportion of the population living below 
the poverty line. For the independent variables, financial development is proxied 
by the proportion of credit to Gross Regional Domestic Product (GRDP) and the 
proportion of third-party funds to GRDP (Acheampong, 2019; Akhter & Daly, 2009; 
Cepparulo et al., 2017). Following previous studies, other variables used to control 
the poverty variable are economic growth, proxied by GRDP per capita, government 
expenditure, proxied by the ratio of total government expenditure to GRDP, and the 
human development index (Anderson et al., 2018; Cepparulo et al., 2017; Erlando 
et al., 2020). Table 1 presents the more detailed information about the operational  
variables. 

Table 1. Operational Variables

Variables Definitions Measurements Sources References

Poverty Proportion of the population 
living below the poverty line Poverty rate (%) BPS

(Honohan, 2004; 
Kiendrebeogo & 
Minea, 2016)

Credit-to-
GRDP Ratio

Volume of credit extended 
to the economy relative to 
the gross regional domestic 
product (GRDP)

Total credit/
GRDP BI/BPS

(Acheampong, 2019; 
Akhter & Daly, 2009; 
Cepparulo et al., 2017)

Third-Party 
Funds-to-
GRDP Ratio

Total deposits held by financial 
institutions relative to GRDP

Total third-party 
funds / GRDP BI/BPS

(Acheampong, 2019; 
Akhter & Daly, 2009; 
Cepparulo et al., 2017)

Economic 
Growth

Indicator of economic 
performance and its potential 
to reduce poverty

GRDP per 
capita BPS

(Anderson et al., 2018; 
Cepparulo et al., 2017; 
Erlando et al., 2020)

Government 
Expenditure

Fiscal policy efforts aimed at 
poverty alleviation

Total 
government 
expenditure/ 

GRDP

BPS
(Anderson et al., 2018; 
Cepparulo et al., 2017; 
Erlando et al., 2020)

Human 
Development 
Index (HDI)

Composite measure of 
education, health, and income 
dimensions

Index BPS
(Anderson et al., 2018; 
Cepparulo et al., 2017; 
Erlando et al., 2020)

In traditional econometric theory, it is assumed that there is no difference between 
regions within the same space, so this theory does not consider the correlation between 
neighboring regions (Wang & Guan, 2017). This assumption contradicts reality, especially 
in regional studies, where each area has an uneven or heterogeneous distribution of 
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resources. A spatial autocorrelation test can be used to analyze the dependence between 
spatial observation units. If the distribution of observations in neighboring areas is similar, 
then positive spatial autocorrelation occurs. Otherwise, negative spatial autocorrelation 
occurs. There are several techniques for measuring spatial interactions to overcome 
autocorrelation; we use Moran's I coefficient (Moran, 1950), one of the commonly used 
measures of spatial autocorrelation. The Moran's I index is defined as follows:

      (1)

which:

      (2) 

Tobler's First Law of Geography states that everything on the geographic surface is 
related to everything else and that things close together are more related than far apart 
things (Tobler, 1970). As one of the capital factors, financial development can flow 
through neighboring regional capital markets (Zhu et al., 2021). This fact means that 
financial development can create an interaction effect among regions. Thus, the impact of 
financial development on poverty reduction can have a spatial spillover effect. Traditional 
econometric models do not consider spatial factors, which can result in less accurate 
estimation results (Tang et al., 2023). Therefore, this study uses spatial econometric 
models as an analytical tool. 

The Spatial Autoregressive (SAR) model and the Spatial Error (SEM) model are 
the most used among the various spatial measurement models commonly used. The 
SAR model is suitable for controlling spatial impacts on the dependent variable when 
evaluating the influence of poverty levels in one region on surrounding areas (W. Liu et 
al., 2023). Mathematically, it can be formulated as follows:

    (3)

where povertyit represents the poverty rate of the province, W is the spatial weighting 
matrix, ρ is the spatial autoregressive coefficient, Xit is independent variables, θ is the 
coefficient of the independent variable, and εit is the random error.

The SEM model is used when there is spatial interaction between error terms (Zhu 
et al., 2021), and can be formulated as follows:

    (4)

where povertyit represents the poverty rate of the province, W is the spatial weighting 
matrix, β is the spatial autoregressive coefficient, Xit is independent variables, θ is the 
coefficient of the independent variable, and εit is the random error.
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RESULT AND DISCUSSION
Table 2 presents the summary statistics of the variables used in the model. The 

average poverty rate is 10.73, with a standard deviation 5.61, indicating moderate 
variability among provinces. The minimum poverty rate is 3.42, reflecting relatively low 
levels in some regions, while the maximum is 28.4, highlighting significant poverty in 
others. Economic growth, measured by the natural log of GRDP (lnGRDP), averages 
11.94 with a standard deviation of 1.14. This result suggests that economic performance 
is moderately concentrated, from 9.978 to 14.434, indicating disparities in provincial 
economic output. Government expenditure averages 5.26, with a standard deviation of 
3.13, reflecting considerable variability in fiscal spending among provinces. The minimum 
expenditure of 1.752 suggests limited fiscal resources in some areas, while the maximum 
of 18.785 indicates substantial investments in others. The Human Development Index 
(HDI) averages 70.46, with a standard deviation 4.03. The lowest score is 58.05, indicating 
challenges in health, education, and income dimensions in some provinces, while the 
highest score, 81.11, reflects better human development in more advanced regions. As 
measured by the credit-to-GRDP ratio, financial development has an average of 43.69 
and a standard deviation of 16.51. This result reveals significant differences in credit 
penetration across provinces, ranging from 14.353 to 98.416. Similarly, the third-party 
fund-to-GRDP ratio averages 36.55, with a high standard deviation of 25.29, indicating 
substantial disparities in financial sector activity. The minimum ratio is 14.065, while 
the maximum reaches 193.593, suggesting that some provinces have a highly developed 
financial sector.

Table 2. Summary Statistics

Variables Obs Mean Std. Dev. Min Max

Poverty 204 10.731 5.608 3.42 28.4

lnGRDP 204 11.937 1.142 9.978 14.434

Government Expenditure 204 5.261 3.126 1.752 18.785

HDI 204 70.463 4.025 58.05 81.11

Credit-to-GRDP 204 43.687 16.51 14.353 98.416

Third-party Fund to GRDP 204 36.55 25.29 14.065 193.593

We estimated the value of Moran's I for the poverty level for each year from 2016 
to 2021 to explore the spatial dependence of poverty in Indonesia. The determination 
and weighting of the neighbors we used are based on Vidyattama (2013), which accounts 
for Indonesia's geographical condition as an archipelago. Neighbor weighting was not 
suitable for implementation in this study as it did not encompass the boundaries set 
by the sea. In the neighbor method, spatial weighting matrices are binary code, with 1 
indicating a shared boundary and 0 indicating none. Indonesia consists of eight main 
islands separated by the sea; thus, several provinces do not have neighbors. Based on 
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this consideration, we followed Miranti (2021), use of the inverse distance matrix, 
which allows all provinces to have at least one neighbor. The results of Moran's I 
test (see Table 3) reveal the presence of significant spatial autocorrelation in poverty 
levels across Indonesia from 2016 to 2021. Moran's I values range from 0.071 to 
0.082, indicating a positive spatial autocorrelation, where regions with similar poverty 
levels are geographically clustered. The positive values suggest that provinces with high 
poverty rates are likely to be surrounded by other provinces with high poverty rates. 
Similarly, provinces with low poverty rates tend to cluster together. The corresponding 
p-values for all years are statistically significant at the 1% level, confirming that 
the observed spatial clustering is not due to random chance. The highest Moran's I 
value is observed in 2019 (0.082), indicating the most substantial spatial dependency 
during the study period, while the lowest value is seen in 2021 (0.071), showing a 
slight decrease in spatial autocorrelation. These results highlight the importance of 
accounting for spatial dependencies when analyzing poverty in Indonesia. The clustering 
patterns suggest that poverty reduction strategies must consider regional spillovers and 
neighboring effects, as the conditions in one province can influence the outcomes 
in adjacent provinces. The persistence of significant spatial autocorrelation over time 
underscores the need for coordinated and regionally integrated policies to address poverty  
effectively.

Table 3. Moran’s I Test Result

Year Moran’I P-Value

2016 0.073132882 0.00235***

2017 0.076772832 0.00165***

2018 0.077627387 0.00149***

2019 0.082056315 0.00099***

2020 0.071923422 0.00246***

2021 0.071162269 0.00241***

Note: *** significant at 1%

It is necessary to determine the appropriate model specification to describe the 
data used and to build a spatial econometric model for analyzing the effects of financial 
development on poverty. We used the Lagrange Multiplier (LM) test to determine 
whether the non-spatial model could be rejected. Lagrange Multiplier Lag (LM-lag) and 
Lagrange Multiplier Error (LM-err) tests are insignificant. In that case, a traditional 
panel model is selected, but a spatial econometric model is used if either test is 
significant. Furthermore, a Hausman test is conducted to choose between fixed or 
random effect models. The results supported the use of a fixed effect model. We used 
the spatial econometric model with fixed effects based on the results of the LM-Lag 
and LM-err tests and the Hausman test.
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Table 4. Results of LM-Lag and LM-err Tests

LM-Lag 18.843**

LM-err 24.866**

Note: ** significant at 5%

Table 3 shows the estimation results between the OLS model and the SAR and 
SEM spatial econometric models. In the OLS model, government expenditure and 
the Human Development Index (HDI) are significant predictors of poverty reduction. 
Specifically, a 1-unit increase in government expenditure (as a percentage of GRDP) 
is associated with a 0.1395 percentage point reduction in poverty. In comparison, 
a 1-unit increase in HDI leads to a 0.4596 percentage point decrease in poverty. 
However, other variables, such as the natural logarithm of GRDP (lnGRDP) and the 
credit-to-GRDP ratio, are not statistically significant, indicating that economic output 
and credit availability alone do not directly influence poverty levels. Interestingly, the 
third-party fund-to-GRDP ratio shows a positive and significant relationship with 
poverty, suggesting that higher deposit levels may not necessarily translate into poverty  
reduction due to inequitable access to financial resources or inefficient allocation of 
funds.

Tabel 3. The Results of OLS and Spatial Econometric Estimations

OLS(FE) SAR SEM

lnGRDP -1.4083157 -0.6088132 -0.8329531

Government Expenditure -0.1394570** -0.1374133*** -0.1387082 ***

HDI -0.4596451*** -0.5597664*** -0.3338076 ***

Credit to GRDP 0.0095947 0.0113853 0.0096009

Third-party Fund to GRDP 0.0484688*** 0.0388622*** 0.0429658 ***

F-Statistic 31.9746

R-Square 0.49211

ρ 0.58893***

λ 0.39045***

Log-L -342.6468 -92.27562

Note:*** significant at 1%, ** significant at 5%, * significant at 10%

The spatial econometric models—Spatial Autoregressive (SAR) and Spatial Error 
Model (SEM)—refine these findings by accounting for spatial dependencies. Both models 
confirm that government expenditure and HDI are significant and negatively associated 
with poverty. The coefficients for government expenditure are -0.1374 in the SAR model 
and -0.1387 in the SEM model, while the HDI coefficients are -0.5598 and -0.3338, 
respectively. These results highlight human development’s and government spending’s 
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critical role in reducing poverty, even after accounting for spatial interactions. The SAR 
model’s spatial lag coefficient (ρ) is 0.5889, and the spatial error coefficient (λ) in the 
SEM model is 0.3905, both significant at the 1% level. This result indicates strong spatial 
dependence, where the poverty levels influence poverty in one province in neighboring 
provinces. Such spatial spillover effects suggest that regional dynamics and interactions 
are essential to poverty outcomes.

Notably, the credit-to-GRDP ratio remains insignificant in all models, implying 
that credit availability has not had a meaningful impact on poverty reduction during the 
study period. Meanwhile, the positive and significant association between third-party funds 
and poverty persists across the spatial models, albeit with slightly reduced coefficients 
compared to the OLS model. This counterintuitive finding suggests that deposits may 
be concentrated among wealthier individuals or regions, limiting their poverty-reducing 
potential. It also raises questions about the inclusiveness and accessibility of financial 
systems in addressing poverty.

The phenomenon of financial sector development that has been unable to reduce 
poverty can occur due to several factors—first, the uneven distribution of access and 
benefits. Although the financial sector is growing, not everyone has equal access. Thus, 
the circulation of funds in the financial sector is only among people with access to 
substantial capital, and credit flows are not used for community economic development, 
such as improving SMEs and increasing the productivity of other communities. If this 
continues, the poverty rate may be difficult to decrease. 

Second is the topography factor. Indonesia's geography and topology affect the 
development of the existing financial sector and poverty. As an archipelagic country with 
thousands of islands, Indonesia faces challenges in developing adequate infrastructure 
and inter-island communication. This result can hinder the growth of the financial 
sector in remote and hard-to-reach areas, so people in these regions have limited access 
to financial services and opportunities to improve their welfare. The topography of 
Indonesia, especially areas with mountains, valleys, and oceans, will make it difficult 
to access financial access. Most of Indonesia's areas are in the valleys and slopes of 
mountains, such as Papua Province, where 63 percent of all villages are located in 
valleys and mountain slopes; West Sulawesi Province, which is 51.67 percent; and East 
Nusa Tenggara Province, which is 51.16 percent. Meanwhile, the Maluku Province 
is an archipelago consisting of small islands with a sea area of 92.4 percent and 7.6 
percent of land (Nanga et al., 2018). 

Third is the infrastructure factor. Adequate infrastructure is essential in developing 
the financial sector and reducing poverty. From transportation infrastructure, road 
availability will facilitate accessibility and mobility of people in accessing financial services. 
However, there is still an infrastructure gap between provinces in Indonesia. Using the 
2018 Indonesian Central Bureau of Statistics Village Potential Survey data, Nanga et al. 
(2018) found isolation and limited access to transportation infrastructure in Papua, West 
Papua, Maluku, and East Nusa Tenggara provinces.
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Regarding telecommunications, Papua and West Papua provinces experience 
limitations compared to other regions. Eighty-five percent of villages are dominated by 
people who already use mobile phones (HP). However, in Papua Province, only about 19 
percent of villages have residents who use mobile phones. The condition in West Papua 
Province is quite good, but its achievement is only 46 percent. Furthermore, only 10 
percent of villages in Papua Province have 4G/LTE/3G/H/H+ signals.

The fourth factor is economic instability. Financial development accompanied 
by economic instability can also have a negative impact on poverty reduction efforts. 
Economic instability can lead to fluctuations in inflation rates, exchange rates, or financial 
crises, negatively affecting communities vulnerable to poverty. During this study, there was 
instability in Indonesia due to the COVID-19 pandemic. In the context of the COVID-19 
pandemic, unequal distribution of its economic impact can worsen poverty. Some groups, 
such as informal workers and workers in other informal sectors, may experience significant 
income reductions or even lose their livelihoods due to the pandemic. This condition can 
significantly increase poverty rates and social inequality (Gibson & Olivia, 2020; Olivia 
et al., 2020; Suryahadi et al., 2020). 

CONCLUSION
 Indonesia has a strong spatial dependence on poverty rates from 2016 to 2021. 

This condition can be seen from the significantly positive Moran's I index values at the 
1% level for each observed year. The results highlight the critical role of government 
expenditure and human development in reducing poverty. Increased government spending 
and improvements in the Human Development Index (HDI) are consistently associated 
with lower poverty rates, underscoring the importance of social services, education, and 
healthcare investments. However, economic output per capita (lnGRDP) and credit-
to-GRDP ratios do not directly impact poverty reduction, suggesting that financial 
development alone may not be sufficient to alleviate poverty. Interestingly, the third-party 
fund-to-GRDP ratio positively correlates with poverty, indicating that financial resources, 
such as deposits, may not effectively alleviate poverty.

The Indonesian government needs to enhance the development of a more inclusive 
and sustainable financial sector. This condition can be achieved by optimizing the 
collection of third-party funds and their use to improve the community's welfare, 
especially for those still living in poverty. Additionally, spatial poverty mapping and 
targeted interventions are needed to address the strong spatial dependence on poverty 
rates in Indonesia.

ACKNOWLEDGEMENT
This research is funded by the Research Group Grant scheme by LPPM Universitas 

Sebelas Maret under the contract number 194.2/UN27.22/PT.01.03/2024

http://journal.uinjkt.ac.id/index.php/signifikan
https://doi.org/10.15408/sjie.v13i2.42285


227

Nugroho Saputro
The Link Between Financial Development and Poverty

http://journal.uinjkt.ac.id/index.php/signifikan
https://doi.org/10.15408/sjie.v13i2.42285

REFERENCES
Abosedra, S., Shahbaz, M., & Nawaz, K. (2016). Modeling Causality Between Financial 

Deepening and Poverty Reduction in Egypt. Social Indicators Research, 126(3), 
955–969. 

Acheampong, A. O. (2019). Modelling for Insight: Does Financial Development Improve 
Environmental Quality? Energy Economics, 83, 156–179. https://doi.org/10.1016/j.
eneco.2019.06.025.

Acheampong, A. O., Appiah-Otoo, I., Dzator, J., & Agyemang, K. K. (2021). Remittances, 
Financial Development and Poverty Reduction in Sub-Saharan Africa: Implications 
for Post-COVID-19 Macroeconomic Policies. Journal of Policy Modeling, 43(6), 
1365–1387. https://doi.org/10.1016/j.jpolmod.2021.09.005.

Akhter, S., & Daly, K. J. (2009). Finance and Poverty: Evidence from Fixed Effect 
Vector Decomposition. Emerging Markets Review, 10(3), 191–206. https://doi.
org/10.1016/j.ememar.2009.02.005.

Anderson, E., d’Orey, M. A. J., Duvendack, M., & Esposito, L. (2018). Does Government 
Spending Affect Income Poverty? A Meta-regression Analysis. World Development, 
103, 60–71. https://doi.org/10.1016/j.worlddev.2017.10.006.

Appiah-Otoo, I., Chen, X., Song, N., & Dumor, K. (2022). Financial Development, 
Institutional Improvement, Poverty Reduction: The Multiple Challenges in West 
Africa. Journal of Policy Modeling, 44(6), 1296–1312. 

Beck, T., Demirgüç-Kunt, A., & Levine, R. (2007). Finance, Inequality and the Poor. Journal 
of Economic Growth, 12(1), 27–49. https://doi.org/10.1007/s10887-007-9010-6.

Cepparulo, A., Cuestas, J. C., & Intartaglia, M. (2017). Financial Development, Institutions, 
and Poverty Alleviation: an Empirical Analysis. Applied Economics, 49(36), 3611–3622. 
https://doi.org/10.1080/00036846.2016.1265074.

Daimon, T. (1998). The Spatial Dimension of Welfare and Poverty: Lessons from a Regional 
Targeting Programme in Indonesia. Asian Economic Journal, 15(4), 345–367. 

Dartanto, T. (2022). Natural Disasters, Mitigation and Household Welfare in Indonesia: 
Evidence from a Large-scale Longitudinal Survey. Cogent Economics and Finance, 10(1), 
2037250. https://doi.org/10.1080/23322039.2022.2037250.

Deng, Q., Li, E., & Zhang, P. (2020). Livelihood Sustainability and Dynamic Mechanisms 
of Rural Households Out of Poverty: An Empirical Analysis of Hua County, Henan 
Province, China. Habitat International, 99, 102160. 

Donou-Adonsou, F., & Sylwester, K. (2016). Financial Development and Poverty 
Reduction in Developing Countries: New Evidence from Banks and Microfinance 
Institutions. Review of Development Finance, 6(1), 82–90. https://doi.org/10.1016/j.
rdf.2016.06.002.

Erlando, A., Riyanto, F. D., & Masakazu, S. (2020). Financial Inclusion, Economic Growth, 
and Poverty Alleviation: Evidence from Eastern Indonesia. Heliyon, 6(10), e05235. 

http://journal.uinjkt.ac.id/index.php/signifikan
https://doi.org/10.15408/sjie.v13i2.42285


Signifikan: Jurnal Ilmu Ekonomi
Volume 13(2), 2024: 217 - 230

228 http://journal.uinjkt.ac.id/index.php/signifikan
https://doi.org/10.15408/sjie.v13i2.42285

Fahad, S., Nguyen-Thi-Lan, H., Nguyen-Manh, D., Tran-Duc, H., & To-The, N. (2022). 
Analyzing the Status of Multidimensional Poverty of Rural Households by Using 
Sustainable Livelihood Framework: Policy Implications for Economic Growth. 
Environmental Science and Pollution Research, 30, 16106-16119. 

Fitriadi, F., Jiuhardi, J., Busari, A., Ulfah, Y., Hakim, Y. P., Erwin Kurniawan, A., & 
Darma, D. C. (2022). Using Correlation to Explore the Impact of Corona Virus 
Disease on Socioeconomics. Emerging Science Journal, 6, 165–180. 

Gibson, J., & Olivia, S. (2020). Direct and Indirect Effects of Covid-19 On Life Expectancy 
and Poverty in Indonesia. Bulletin of Indonesian Economic Studies, 56(3), 325–344. 

Honohan, P. (2004). Financial Development, Growth and Poverty: How Close are the 
Links? World Bank Policy Research Working Paper No. 3203. 

Jalilian, H., & Kirkpatrick, C. (2002). Financial Development and Poverty Reduction in 
Developing Countries. International Journal of Finance and Economics, 7(2), 97–108. 

Jalilian, H., & Kirkpatrick, C. (2005). Does Financial Development Contribute to Poverty 
Reduction? Journal of Development Studies, 41(4), 636–656. 

Kaidi, N., Mensi, S., & Ben Amor, M. (2019). Financial Development, Institutional 
Quality and Poverty Reduction: Worldwide Evidence. Social Indicators Research, 
141, (1), 131–156. https://doi.org/10.1007/s11205-018-1836-0.

Kiendrebeogo, Y., & Minea, A. (2016). Financial Development and Poverty: Evidence 
from the CFA Franc Zone. Applied Economics, 48(56), 5421–5436. 

Liu, W., Li, J., & Zhao, R. (2023). The Effects of Rural Education on Poverty in 
China: A Spatial Econometric Perspective. Journal of the Asia Pacific Economy, 28(1), 
176–198. https://doi.org/10.1080/13547860.2021.1877240.

Liu, Y., & Xu, Y. (2016). A Geographic Identification of Multidimensional Poverty in 
Rural China Under the Framework of Sustainable Livelihoods Analysis. Applied 
Geography, 73, 62–76. https://doi.org/10.1016/j.apgeog.2016.06.004.

Miranti, R. C. (2021). Is Regional Poverty Converging Across Indonesian Districts?  
A Distribution Dynamics and Spatial Econometric Approach. Asia-Pacific Journal 
of Regional Science, 5(3), 851–883. https://doi.org/10.1007/s41685-021-00199-3.

Moran, P. A. P. (1950). Notes on Continuous Stochastic Phenomena. Biometrika, 37(1), 
17–23. https://doi.org/https://doi.org/10.2307/2332142.

Nanga, M., Fitrinika HW, E., Rahayuningsih, D., Dinayanti, E., Aulia, F. M., Rismalasari, 
M., Hafid, M., Wahyu, R., Putra, R. R., Kartika, V., & Widaryatmo. (2018). 
Analisis Wilayah dengan Kemiskinan Tinggi. Kedeputian Bidang Kependudukan dan 
Ketenagakerjaan Kementrian PPN/Bappenas.

Nugroho, A., Amir, H., Maududy, I., & Marlina, I. (2021). Poverty Eradication Programs 
in Indonesia: Progress, Challenges and Reforms. Journal of Policy Modeling, 43(6), 
1204–1224. https://doi.org/10.1016/j.jpolmod.2021.05.002.

Odhiambo, N. M. (2009). Finance-Growth-Poverty Nexus in South Africa: A Dynamic 
Causality Linkage. Journal of Socio-Economics, 38(2), 320–325. 

http://journal.uinjkt.ac.id/index.php/signifikan
https://doi.org/10.15408/sjie.v13i2.42285


229

Nugroho Saputro
The Link Between Financial Development and Poverty

http://journal.uinjkt.ac.id/index.php/signifikan
https://doi.org/10.15408/sjie.v13i2.42285

Odhiambo, N. M. (2010). Is Financial Development a Spur to Poverty Reduction? Kenya’s 
Experience. Journal of Economic Studies, 37(3), 343–353. 

Olivia, S., Gibson, J., & Nasrudin, R. (2020). Indonesia in the Time of Covid-19. Bulletin 
of Indonesian Economic Studies, 56(2), 143–174. 

Rewilak, J. (2017). The Role of Financial Development in Poverty Reduction. Review 
of Development Finance, 7(2), 169–176. https://doi.org/10.1016/j.rdf.2017.10.001.

Sehrawat, M., & Giri, A. K. (2016). Financial Development, Poverty and Rural-Urban 
Income Inequality: Evidence from South Asian Countries. Quality and Quantity, 
50(2), 577–590. https://doi.org/10.1007/s11135-015-0164-6.

Skoufias, E., Tiwari, S., & Zaman, H. (2012). Crises, Food Prices, and the Income 
Elasticity of Micronutrients: Estimates from Indonesia. World Bank Economic Review, 
26(3), 415–442. https://doi.org/10.1093/wber/lhr054.

Sparrow, R., Dartanto, T., & Hartwig, R. (2020). Indonesia Under the New Normal: 
Challenges and the Way Ahead. Bulletin of Indonesian Economic Studies, 56(3), 
269–299. 

Su, F., Song, N., Ma, N., Sultanaliev, A., Ma, J., Xue, B., & Fahad, S. (2021). An 
Assessment of Poverty Alleviation Measures and Sustainable Livelihood Capability 
of Farm Households in Rural China: A Sustainable Livelihood Approach. 
Agriculture, 11(12). 

Suryahadi, A., Al Izzati, R., & Suryadarma, D. (2020). Estimating the Impact of Covid-19 
on Poverty in Indonesia. Bulletin of Indonesian Economic Studies, 175–192. 

Suryahadi, A., Hadiwidjaja, G., & Sumarto, S. (2012). Economic Growth and Poverty 
Reduction in Indonesia Before and After the Asian Financial Crisis. Bulletin of 
Indonesian Economic Studies, 48(2), 209–227. https://doi.org/10.1080/00074918.2
012.694155.

Tang, K., Li, Z., & He, C. (2023). Spatial Distribution Pattern and Influencing Factors of 
Relative Poverty in Rural China. Innovation and Green Development, 2(1), 100030. 

Tobler, W. R. (1970). A Computer Movie Simulating Urban Growth in the Detroit 
Region. Economic Geography, 46, 234–240.

Tohari, A., Parsons, C., & Rammohan, A. (2019). Targeting Poverty Under Complementarities: 
Evidence from Indonesia’s Unified Targeting System. Journal of Development Economics, 
140, 127–144. https://doi.org/10.1016/j.jdeveco.2019.06.002.

Uddin, G. S., Shahbaz, M., Arouri, M., & Teulon, F. (2014). Financial Development 
and Poverty Reduction Nexus: A Cointegration and Causality Analysis in 
Bangladesh. Economic Modelling, 36, 405–412. https://doi.org/10.1016/j.econmod. 
2013.09.049.

Vidyattama, Y. (2013). Regional Convergence and the Role of the Neighbourhood Effect 
in Decentralised Indonesia. Bulletin of Indonesian Economic Studies, 49(2), 193–211. 

Wang, X., & Guan, J. (2017). Financial Inclusion: Measurement, Spatial Effects and 
Influencing Factors. Applied Economics, 49(18), 1751–1762. 

http://journal.uinjkt.ac.id/index.php/signifikan
https://doi.org/10.15408/sjie.v13i2.42285


Signifikan: Jurnal Ilmu Ekonomi
Volume 13(2), 2024: 217 - 230

230 http://journal.uinjkt.ac.id/index.php/signifikan
https://doi.org/10.15408/sjie.v13i2.42285

World Bank. (2022). Poverty and Equity Brief Indonesia. Washington DC: World Bank.
Zhu, X., Chen, X., Cai, J., Balezentis, A., Hu, R., & Streimikiene, D. (2021). Rural 

Financial Development, Spatial Spillover, and Poverty Reduction: Evidence from 
China. Economic Research-Ekonomska Istrazivanja, 34(1), 3421–3439. 

http://journal.uinjkt.ac.id/index.php/signifikan
https://doi.org/10.15408/sjie.v13i2.42285

