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Abstract

Purpose

Despite machine translation enhances communication process, it faces problems to guarantee
accurate translation. Efforts to address these problems have been done by many researchers. The
study aimed to reveal a comprehensive bibliometric review considering research trends, publish-
ing contributions, and development in 1980-2023.

Method

This qualitative study made uses of a descriptive research design engaging some research on ma-
chine translation errors. This study employed bibliometric analysis to comprehensively examine
the landscape of previous research on machine translation errors from 1980 to 2023. Based on a
Scopus database, 138 publications were initially identified and subsequently refined to 98 articles
that were directly relevant to the research topic. The bibliometric analysis highlighted the intri-
guing patterns and trends in this field.

Results/Findings

The findings revealed that the year 2021 witnessed the highest number of article publications,
totaling 13 articles, indicating a growing interest in the topic. Moreover, a notable citation trend
emerged in 2011, with 103 citations, signifying the significance and influence of research related
to translation errors in machine translation. China notably emerged as the leading country to
publish articles on this subject, with 23 publications and 28 collaborative links established with
other countries. Among the 98 journals that published research in this domain, 45 of them were
classified as Q1 journals, signifying their high impact and scholarly reputation.

Conclusion

The three main aspects comprising errors and human factors, exploration of machine translation,
machine learning, and translation languages, and investigations within the field of computational
linguistics collectively contributed to a deeper understanding of the complexities and challenges
associated with translation errors in machine translation.
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Abstrak

Tujuan

Meskipun dapat meningkatkan proses komunikasi, mesin penerjemah belum dapat menjamin terjemahan
yang akurat. Upaya untuk mengatasi masalah ini telah dilakukan banyak peneliti. Namun, tinjauan
bibliometric yang komprehensif yang mempertimbangkan tren penelitian, kontribusi penerbitan, dan
perkembangannya selama periode waktu tertentu belum dilakukan

Metode

Penelitian ini menggunakan analisis bibliometric untuk memeriksa secara komprehensif lanskap penelitian
sebelumnya tentang kesalahan mesin penerjemah dari tahun 1980 hingga 2023. Dengan menggunakan
basis data Scopus, sebanyak 138 publikasi diidentifikasi dan kemudian disaring menjadi 98 artikel yang
relevan dengan topik penelitian. Analisis bibliometric menyoroti pola dan tren.

Hasil/Temuan

Penelitian ini menemukan tahun 2021 menjadi tahun dengan jumlah publikasi artikel tertinggi, sebanyak
13 artikel, yang mengindikasikan adanya peningkatan minat terhadap topik tersebut. Tren kutipan yang
menonjil muncul pada tahun 2011, dengan total 103 kutipan, yang menandakan signifikansi dan pengaruh
penelitian terkait kesalahan penerjemahan dengan mesin. China muncul sebagai negara terdepan denfab
23 publikasi dan 28 hubungan kolaboratif terjalin dengan negara lain. Di antara 98 jurnal yang
menerbitkan penelitian di bidang ini, 45 diantaranya diklasifikasikan sebagai jurnal QlI.

Kesimpulan

Tiga aspek utama: 1) kontribusi kesalahan dan faktor manusia, 2) eksplorasi terjemahan mesin,
pembelajaran mesin , dan bahasa terjemahan, serta 3) investigasi dalam bidang linguistic komputasi yang
secara kolektif berkontribusi pada pemahaman yang lebih dalam tentang kompleksitas dan tantangan
terkait kesalahan penerjemahan oleh mesin penerjemah.

Kata kunci
bibliometric, penerjemahan mesin, kesalahan penerjemahan mesin
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INTRODUCTION

A translation machine is a computer system designed to automatically translate text or
speech from one language to another. The significance of translation machines lies in
their ability to facilitate cross-language communication, promote cultural exchange, and
support international collaboration. In the contemporary era of globalization, machine
translation has emerged as a crucial facilitator for cross-language communication (Araujo
et al., 2020). Prominent machine translation programs, such as Google Translate and Bing
Microsoft Translator, have witnessed a notable surge in popularity in recent times
(Jufriadi et al., 2022). This translation technology empowers users to promptly and pre-
cisely convert text from one language to another (ElShiekh, 2012). Based on the given
elucidation, one can infer that the utilization of machine translation assumes a crucial
role, the use of machine translation plays a pivotal role as a crucial facilitator of global
connectivity, providing easier access to information from various sources, and expediting
communication processes in an era where cross-cultural and cross-linguistic interactions
are increasingly prevalent. Additionally, the exploration of challenges and issues related
to machine translation, such as translation accuracy, contextual understanding, and ongo-
ing development efforts aimed at enhancing the quality of machine translations, can be
considered.

Another perspective, as articulated by Wilks (2009), machine translation is character-
ized as a computer system designed to autonomously translate text from one language in-
to another. Although translation engines serve numerous purposes in the current era of
globalization, translation engines also possess certain drawbacks. Despite its considerable
potential to enhance communication, machine translation encounters constraints in ensur-
ing accurate and flawless translations (Almahasees, 2018). Errors in translation may ap-
pear in the form of flaws in sentence structure, improper selection of words, or the loss of
meaning throughout the translation process.

The results of Muzaffar’s (2019) research, which conducted a qualitative evaluation of
the Machine Translation System from English to Urdu, namely PBSMT and NMT hosted
by Google Translate, revealed that the scores on the assessment aspect in his research did
not meet the expected standards. This study demonstrates the necessity for a comprehen-
sive assessment of the studies that have been conducted in this sector to understand the
degree and types of errors that exist in machine translation. Vidhayasai et al. (2015) used
the object of research in the form of official websites of hotels and airlines to examine
potential problems that can develop when using machine translation, such as Google
Translate, to translate content in multiple languages. Allue In line with Allue's (2017)
research that analyzed the translation of tourism texts and football match reports pub-
lished online using machine translation, the most representative errors in terms of fre-
quency have been classified at the lexicogrammatical, syntactic, pragmatic, and punctua-
tion levels.

Study on translation andn errors in machine translation offers major advantages. This
research can help to design more accurate and effective translation systems by studying
the most prevalent translation errors in machine translation. A thorough understanding of
translation errors has the potential to influence and expand the disciplines of translation
linguistics (Battenburg & Malone, 1989), machine learning (Jervis et al., 2019), and com-
puter science (Zhu et al., 2017). Furthermore, this research will benefit the translation in-
dustry, technology businesses (Chaudhari et al., 2020), and ordinary consumers of ma-
chine translation to increase translation quality and cross-language communication
(Frederking & Taylor, 2004).

The study trend on machine translation errors has expanded dramatically during the
past three decades. From 1980 to 2023, researchers and practitioners have been active in
conducting studies related to the problem of machine translation errors developed in re-
cent years by technological improvements and the growing importance of machine trans-
lation quality.
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Previously, several studies have been conducted to examine translation errors in ma-
chine translation. Among them have analyzed common types of translation errors (Abu-
Ayyash, 2017; Almahasees & Mahmoud, 2022; Jufriadi et al., 2022), In the study, a qual-
itative approach was employed to identify common errors in machine translation. The
qualitative approach utilized in the research aimed to delve into and comprehend the de-
tailed aspects of these errors, thereby providing a more profound insight into the perfor-
mance of machine translation. Some research also were conducted to comparing the per-
formance of various machine translation systems (Araujo et al., 2020; Behera, 2019; Hali-
mah, 2018; Muzaffar & Behera, 2019; Qian et al., 2019; Taai, 2011), or identifying fac-
tors that contribute to translation errors. The research were conducted through compara-
tive analysis to disseminate the impact of machine translation usage in various usage con-
texts. The results of the analysis provide a deeper understanding regarding the effective-
ness and efficiency of machine translation in meeting the needs of various communication
situations. Based on several previous studies that employed qualitative approaches and
comparative analyses to examine the utility of translation machines, there has not been
research specifically investigating the mapping of the landscape of translation error re-
search in machine translation using bibliometric analysis. This represents a novelty en-
deavor for conducting further research in this domain.

Despite efforts to address the problem of translation errors in machine translation, no
thorough bibliometric review that looks holistically at research trends, publishing contri-
butions, and developments over a longer period has been published. The bibliometric
analysis provides a macroscopic image of a vast body of academic literature (van Nunen
et al., 2018). Bibliometric tools can be used to evaluate the performance and research pat-
terns of authors, journals, countries, and institutions and to detect and quantify patterns of
collaboration between them (L1 & Zhao, 2015).

This bibliometric analysis aims to comprehensively examine the research trends relat-
ed to translation errors in machine translation from 1980 to 2023. The researcher analyzed
articles spanning the years 1980 to 2023, as the keywords inputted into the Scopus data-
base identified publications within the time frame of 1980 to 2023. Its primary objective
is to map and review the literature on translation errors in machine translation, highlight-
ing research trends, dominant foci, contributions from researchers, institutions, and coun-
tries, and summarizing advancements over time.

In this study, several research questions will be addressed, including: 1) What citation
trends are associated with translation errors in machine translation? 2) How does the dis-
tribution of publications according to journals and quartile values relate to translation er-
rors in machine translation? and 3) What is the research focus related to translation errors
in machine translation?. This research will provide a detailed insight into the research
landscape of translation errors in machine translation using a bibliometric approach, en-
compassing the development of research methods, the contributions of scholars, and the
opportunities and difficulties that exist in this domain. As a result, this study is likely to
lay a solid foundation for future research to improve machine translation quality and bet-
ter understand the obstacles involved in developing more effective and accurate transla-
tion systems.

METHOD

Researchers used the Scopus database to look at data linked to "translation error in ma-
chine translation" because of its large number of indispliners. In this methodology sec-
tion, there are several stages involved in collecting articles from the Scopus database to
refine the data that will be subjected to analysis. The initial phase is identification, which
is followed by the data screening process, feasibility, and ultimately the inclusion step
(Moher, 2009).

The identifying method begins with the researcher entering keywords ("translation er-
ror" or "machine translation") into the Scopus database search. Researchers found and
received publication information for 318 articles. The second step is to begin the screen-
ing procedure through screening. At this level, scholars choose to publish studies in Eng-
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Figure 1. The procedure for data collection

lish in journals. According to the findings of the screening, 98 articles were obtained in
line with the criteria.

This study's data was collected on May 9, 2023, during the inclusion stage. In this
study, descriptive analysis was employed to examine the articles obtained concerning
translation errors. The number of publications relating to translation errors in machine
translation from 1980 to 2023 will be graphically displayed using Microsoft Excel Soft-
ware.

The method section describes in detail how the study was conducted, including con-
ceptual and operational definitions of the variables used in the study. It may consist of
research design, description of participants, corpus or object being studied, instrumenta-
tion, data collecting procedures, and data analysis. The procedure for data collection will
be elucidated in Figure 1.

Publication and citation patterns for translation errors in machine translation are exam-
ined by year from 1980 to 2023. Using Microsoft Excel software, the number of publica-
tions and average citations per year will be calculated and displayed. PoP software will be
used to calculate the h-index and g-index of each article.

Researchers utilize Microsoft Excel software to depict the geographical dispersion of
the data that has been collected. Furthermore, researchers employed the VOSviwer tool to
examine international cooperation. The researchers displayed journal rankings based on
quartiles using Microsoft Excel software. The data acquired from the Scopus database
will be classified into (Q1), (Q2), (Q3), and (Q4) categories. According to the data col-
lected, as many as 98 papers have been published in the ranking of the journals stated
above.

FINDING AND DISCUSSION

Data collecting for publications on translation errors in machine translation has gone
through numerous stages. During the data gathering procedure, 98 articles from 1980 to
2023 that fit the criteria were retrieved; the next stage will be descriptive bibliometric
analysis. Publication patterns, citation trends, national and journal distribution, and re-
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search focus will all be covered in greater detail.

Findings

Publication Trends

Figure 2 depicts the publication patterns for translation errors in machine translation
from 1980 to 2023. As illustrated in Figure 2, a total of 98 publications will be published
in table form, organized by year of publication:

Publications related to translation error in machine
translation

Figure 2. Number of Publications from 1980 to 2023

Based on the aforementioned graph, it is evident that the year 2021 stands out as a piv-
otal moment in the realm of research about translation errors in machine translation, with
a remarkable surge in publications. A total of 13 documents were published during this
period, marking a substantial increase in scholarly contributions. It is worth noting that
the inception of this research can be traced back to 1980 when the first publication on this
topic was documented in the Scopus database.

However, upon closer examination, an intriguing observation arises. The period from
1981 to 1994 appears to be a vulnerable phase, characterized by a lack of publications
related to this particular research area. During these years, it seems that the attention and
focus of scholars shifted away from studying translation errors in machine translation,
resulting in a dearth of research contributions during that time.

Citations Trend

Table 1 will present trends in citations trend to translation errors in machine translation
from 1980 to 2023. A total of 98 publications will be observed in total publications per
year, grouped depending on the value of NCP, TC, C /P, C/ CP, h-index, and g-index, as
shown in Table 1.

Table 1 provides valuable insights into the landscape of publications and citations
related to translation errors in machine translation. Notably, the years 2021 and 2019
emerge as significant milestones, as they recorded the highest number of referenced pub-
lications (NCP), with both years attaining an NCP value of 11. However, when consider-
ing the impact of the research, it becomes apparent that 2011 holds greater scientific in-
fluence, with a remarkable 103 citations, despite having fewer publications compared to
2021.

An intriguing pattern that Table 1 reveals is the presence of certain years with either
no citations or even no publications, particularly within the period from 1981 to 1994.
This gap in research activity during those years raises questions about the factors that may
have contributed to this lack of scholarly contributions, such as shifting research priorities
or perhaps limited resources and technological constraints.

Furthermore, delving deeper into the analysis, it is worth highlighting that from 1996
to 2006, there was a notable decline in publications, with only one recorded during that
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Table 1. Citation Analysis of Publications

Year T NCP TC C/P c/cp h g
2023 6 - - - -
2022 11 4 9 0,82 2,25 2 2
2021 13 11 31 2,38 2,81 3 4
2020 9 7 29 3,22 4,14 3 4
2019 11 11 71 7,00 7 5 8
2018 9 9 79 8,78 8,78 6 8
2017 6 5 88 14,67 17,6 3 6
2016 4 3 18 4,50 6 3 4
2015 8 8 86 10,75 10,75 5 8
2014 6 6 68 11,33 11,33 5 6
2013 4 4 64 16,00 16 3 4
2012 1 1 22 22,00 22 1 1
2011 3 3 103 34,33 34,33 2 3
2010 - -

2009 2 2 32 16,00 16 2 2
2008 1 1 12 12,00 12 1 1
2007 1 1 81 81,00 81 1 1
2006 -

2005 -

2004 -

2003 -

2002 -

2001 - - - -

2000 1 1 10 10,00 10 1 1
1999 -

1998 -

1997 -

1996 - - - - - - -
1995 1 1 6 6,00 6 1 1
1994 -

1993 -

1992 -

1991 -

1990 -

1989 -

1988 -

1987 -

1986 -

1985 -

1984 -

1983 -

1982 -

1981 - -

1980 1 1 20 20,00 20 1 1

Notes. TP=total of publication, NCP=number of cited publication, TC=total citations, C/P=average
citations per publication, C/CP=average citations per cited publications, h=h-index, g=g-index

period. This decrease in research output during those years may indicate a temporary dip
in interest or engagement within the academic community regarding translation errors in
machine translation.

Moving beyond publications and citations, the h-index and g-index values offer addi-
tional insights into the impact of specific research contributions. Notably, 2018 stands out
as the year with the highest h-index and g-index values, registering 6 and 8, respectively.
This suggests that the publication(s) in 2018 had a substantial influence on the field, con-
tributing significantly to the body of knowledge on translation errors in machine transla-
tion.

Upon closer inspection of table 1, it is evident that in the year 2018, a cumulative to-
tal of nine publications were cited, accumulating a noteworthy 79 citations. This signifies
a commendable average citation per publication ratio of nine, thereby emphasizing the
importance and influence of the research undertaken in that particular year.
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In summary, Table 1 sheds light on the dynamics of publications and citations in the
field of translation errors in machine translation. It highlights noteworthy trends, such as
the varying scientific impact across different years, the presence of gaps in research activ-
ity during certain periods, and the influence of specific publications on the overall body of
knowledge. These insights contribute to a deeper understanding of the evolution and sig-
nificance of research in this domain.

Geographical Distribution and Relations Between Countries

Figure 3 depicts the geographical spread of the publication's nation of origin. 36 coun-
tries publish machine translation errors. The distribution of the nation of origin of the
most publications (more than three) may be seen in the figure 3.
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Figure 3. Geographical Distribution of Publications

Based on Figure 3, it becomes evident that China holds the highest influence in the
field of machine translation research, specifically concerning translation mistakes. The
Chinese government has made a significant contribution to this sector, releasing a sub-
stantial number of 23 documents about translation errors in machine translation. This
highlights the country's strong presence and active engagement in advancing knowledge
and understanding in this area.

Following China, the United States emerges as the second most influential country in
this study, with a notable publication count of 18 documents related to translation errors
in machine translation. The United States contribution underscores its significant role in
shaping the discourse surrounding translation mistakes in the context of machine transla-
tion.

In addition to China and the United States, South Korea, and Spain rank as the third
most influential countries in this study. Both countries have demonstrated their commit-
ment to the field, with each publishing a notable count of 7 documents on translation er-
rors in machine translation. This showcases their contributions and emphasizes the global
nature of research endeavors in this domain.

The findings depicted in Figure 3 offer valuable insights into the leading countries that
have significantly contributed to the literature concerning translation errors in machine
translation. Notably, China, the United States, South Korea, and Spain have emerged as
pivotal players, demonstrating their active engagement and substantial contributions to
advancing knowledge and understanding in this field. Through their research endeavors,
these countries have provided invaluable insights, propelled advancements, and played a
crucial role in shaping the discourse surrounding translation errors in machine translation.

Country collaboration relations
Figure 4 illustrates the trend of country collaboration in the context of machine transla-
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tion research. It's important to note that researchers did not employ a specific criterion to
evaluate these interstate linkages. Consequently, even if a country lacks cooperation con-
nections with others, it may still be displayed if it has at least one document associated
with it. As a result, Figure 4 includes a total of 36 countries, each contributing to the
broader landscape of collaborative efforts in addressing translation mistakes in machine
translation.
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Figure 4: International Relations Publications

Figure 4 offers a compelling visual overview of the collaborative landscape within the
realm of translation errors in machine translation. Particularly striking is the prominence
of China, the United States, Spain, Germany, and France, which are depicted with larger
circle diameters compared to other countries. This suggests that these nations have culti-
vated extensive and robust collaborative networks with numerous other countries, indi-
cating a strong global presence and active engagement in collaborative research endeav-
ors. This visual representation underscores the interconnectedness and global nature of
research efforts aimed at understanding and addressing translation errors in machine
translation.

Further insights from the VOSviewer presentation reveal the extent of collaboration
between these countries. China, for instance, has established collaboration relations with
a total of 28 nations, underscoring its strong network and global engagement in address-
ing translation mistakes in machine translation. Similarly, Spain has developed coopera-
tion links with 27 countries, further demonstrating its commitment to international col-
laboration in this domain. The United States, known for its influential role in research,
has established cooperative relations with 24 countries, emphasizing its dedication to fos-
tering collaborative efforts in tackling translation errors in machine translation.

The collaboration networks depicted in Figure 4, supported by the VOSviewer analy-
sis, underscore the interconnected and cooperative nature of research endeavors aimed at
addressing translation mistakes in machine translation. These findings reveal that coun-
tries such as China, the United States, Spain, Germany, and France are actively partici-
pating in collaborative efforts to bolster understanding, facilitate knowledge exchange,
and collectively propel advancements in the field. By fostering such collaborative net-
works, researchers from around the world can leverage diverse perspectives, resources,
and expertise to tackle complex challenges and drive innovation in machine translation
research.

Discussion
What citation trends are related to translation errors in machine translation?

The study of translation errors in machine translation has become a crucial linguistic
subject to address. This phenomenon not only reflects the complexity of machine transla-
tion technology but also carries profound implications for the quality of translation out-
comes. Table 1 illustrates the citation trends of translator errors in machine translation
from 1980 to 2023. A total of 98 articles were analyzed concerning various aspects of
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translator errors in machine translation. Among these, 36 articles addressed both topics
which are translation errors and machine translation. Additionally, 20 articles delved into
issues related to translation errors separately, while 42 specifically focused on machine
translation. In this context, articles related to translation machines still constitute a sub-
stantial body of research, spanning from 1980 to 2023. In Figure 2, it is evident that re-
search pertaining to this topic experienced fluctuating growth from 1980 to 2023. The
sharpest increase occurred from 2020 to 2021, followed by a subsequent decline in the
succeeding year. On the other hand, the total citation (TC) in table 1 shows the citation
trend for translation errors in machine translation from 1980 to 2023. Table 1 shows that
articles in 2011 were cited 103 times by having an h-index and a g-index in that year with
values of h-index = 2 and g-index = 3. This demonstrates that research conducted in 2011
had a significant impact on studies about translation errors in machine translation. Table 3
shows the three articles published in 2011.

Table 3. Articles published in 2011

No Author (year) Title Sources Citation
1 (Condonetal.,2011) Machine Translation Er- ACM Transactions on 1
rors: English and Iraqi Asian Language Infor-
Arabic mation Processing
2 (Popovi’” & Ney, Towards Automatic Error ~ Computational — Linguis- 59
2011) Analysis of Machine tics
Translation Output
3 (Kirchhoffet al., Application of statistical Journal of the American 43
2011) machine translation to Medical Informatics As-

public health information:  sociation
a feasibility study

According to table 3, studies by Condon et al. (2011) and Popovi” & Ney (2011) have
been mentioned 1 and 59 times, respectively. This demonstrates that the study was the
most mentioned in 2011.

The study conducted by Condon analyzed errors in machine translations of English-
Iraqi Arabic dialogues using methods developed for the Human Translation Error Rate
measure (HTER). Human annotations were employed to refine the Translation Error Rate
(TER) annotations, and approximately 100 translations into each language from four sys-
tems were examined. The findings revealed high frequencies of pronoun errors and copu-
la-related errors in translations to English, while translations to Iraqi Arabic exhibited fre-
quent errors in subject/person inflection and closed-word classes. Word order errors were
similarly common in both translation directions, with low frequencies of polarity errors.
Structural differences between the languages were identified as predictive factors for
many errors, along with challenges related to the insertion of lexemes. Resolving prob-
lems associated with deictic elements, such as pronouns, may require knowledge of the
discourse context.

The study conducted by Popovi & Ney (2011) regarding towards automatic error anal-
ysis of machine translation output posits that the assessment and scrutiny of errors in ma-
chine translation are crucial yet challenging areas of study. This paper presents a frame-
work for automatic error analysis based on inaccurate word identification utilizing the
Word Error Rate (WER) and Position Independent Word Error Rate (PER) approaches.
The outcomes of automated error analysis substantially resemble those of human error
analysis. The proposed metrics could differentiate between different translation systems
and translation systems.

How does the distribution of publications by journal and quartile value relate to
translation errors in machine translation?

The distribution of publication rates based on the most viewed quartile value (Q) re-
veals that out of a total of 98 publications, 45 were published in Q1. Notably, Table 4 be-
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low showcases the researchers associated with the publications that have contributed the
most articles relevant to the study of translation errors in machine translation from 1980
to 2023. For further details and insights, please refer to Table 4.

Table 4. Journals with the most articles

Number of Quartile
Journal Name articles Value
Machine Translation 10 Q1
Applied Sciences (Switzerland) 3 Q2
New Generation Computing 2 Q3

Table 4 offers valuable insights into the publication landscape concerning translation
errors in machine translation. Particularly noteworthy is the prominence of the journal
"Machine Translation," which has published a significant number of ten articles dedicated
to this topic, indicating its leading role in advancing research in this area. Additionally,
journals such as Applied Sciences (Switzerland) and New Generation Computing have
also made notable contributions, each publishing three articles on this subject. These find-
ings underscore the significance of these journals in furthering our understanding of trans-
lation errors in machine translation and highlight potential avenues for researchers to ex-
plore and disseminate their work effectively.

The journals listed in Table 4 present promising opportunities as preferred publication
outlets for researchers investigating translation errors in machine translation. Leveraging
the esteemed reputation and wide readership of these journals, researchers can efficiently
communicate their findings, stimulate dialogue, and actively participate in the scholarly
discourse surrounding the complexities of translation errors in machine translation. By
choosing these reputable journals, researchers can maximize the impact and visibility of
their work, contributing significantly to the advancement of knowledge in this field and
fostering collaboration within the academic community.

What is the focus of research related to translation errors in machine translation?

The focus of translation error study in machine translation is divided into three main
parts: 1) error and human; 2) machine translation, machine learning, and translation
(languages); and 3) computational linguistics. The focus of research arising from data re-
lated to "translation error in machine translation" can be explained as the understanding
and identification of translation errors by humans, the development of technology and
machine learning in machine translation systems, and the application of computational
computing and computational linguistics in machine translation analysis and improve-
ment.

Focus on understanding and identifying translation errors by humans, such as
Herrmann-Werner et al.'s (2021) research, discusses communication between patients and
doctors via LTA (language translation apps) as mechanical alternatives, the results of his
research reveal some concerns about translation errors that can jeopardize diagnostic deci-
sions and reduce empathy. This study, on the other hand, indicates the viability of em-
ploying LTA in undergraduate medical courses. Furthermore, examples of research with a
focus on technology development and machine learning in machine translation systems
conducted by Loock & Léchauguette (2021) show that applied language students who use
machine translation fail to thoroughly correct translation errors. Accuracy errors are easi-
er to spot than fluency errors. Students also tend to ignore fluency mistakes, maybe due to
an overreliance on machine translation or a lack of expertise in the target language. To
provide students with the abilities required for the critical and professional use of machine
translation tools, machine translation teaching methodologies must be enhanced.
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CONCLUSION

In conclusion, the analysis of the findings and discussions leads to several key obser-
vations. Firstly, it is evident that 2021 witnessed the publication of 13 documents, indicat-
ing a notable interest and research output in the field of machine translation errors during
that year. Furthermore, the year 2011 stands out as a significant period in terms of citation
impact, with a total of 103 citations attributed to research in this area. On the other hand,
ninety-eight articles were scrutinized to explore diverse facets of translator errors in ma-
chine translation. Of these, 36 articles comprehensively examined both translation errors
and machine translation, while 20 articles specifically delved into the nuances of transla-
tion errors. Furthermore, 42 articles concentrated specifically on the intricacies of ma-
chine translation.

In examining the influential countries, China emerges as the most prominent player,
with 23 publications and 28 collaborative links established with other nations. This high-
lights China's strong presence and leadership in the subject of machine translation errors.
The publication analysis reveals a total of 98 documents related to machine translation
errors, with 45 of them categorized as Q1 journals. This indicates a significant proportion
of high-impact research within this domain. The research focuses on machine translation
error and encompasses three main areas: 1) the study of errors and human factors, 2) in-
vestigations into machine translation, machine learning, and translation languages, and 3)
advancements in computational linguistics. Additionally, research on "translation errors
in machine translation" encompasses the understanding and identification of errors com-
mitted by humans, the advancements in technology and machine learning within transla-
tion systems, and the utilization of computational and linguistic approaches for analysis
and improvement. This underscore concerns regarding errors in language translation ap-
plications that impact diagnostic decisions and empathy. It also highlights a tendency
among applied language learners to overlook proficiency errors, possibly due to an exces-
sive reliance on machine translation or a lack of proficiency in the target language.

These findings collectively contribute to a comprehensive understanding of the current
landscape of research on machine translation errors, emphasizing the importance of ad-
dressing errors and improving translation accuracy. By shedding light on prevalent trends
and influential factors, this research not only enriches academic discourse but also offers
practical implications for stakeholders across various domains. Researchers can leverage
these insights to refine existing methodologies and develop innovative approaches in ma-
chine translation research. Practitioners, including developers of machine translation sys-
tems and language professionals, can utilize these findings to enhance the quality and reli-
ability of translation tools and services. Furthermore, policymakers and educators can
benefit from these insights to inform decisions regarding language policy, curriculum de-
velopment, and the integration of technology in language learning. In sum, the identified
trends and influential factors provide valuable insights for researchers, practitioners, and
stakeholders in the field of machine translation and related disciplines, ultimately contrib-
uting to advancements in language technology and cross-cultural communication.

LIMITATION

The study has several limitations that warrant acknowledgment. Firstly, the data ana-
lyzed originates solely from the Scopus database, thus potentially overlooking relevant
studies indexed in other databases such as Google Scholar and others. Secondly, the scope
of this study is limited to examining translation errors within machine translation, thereby
excluding exploration into additional translation fields which may offer valuable insights.
Lastly, it's important to note that the data collection concluded on May 9, 2023, which
may not encompass subsequent research developments, potentially leading to discrepan-
cies between the findings and the most current research landscape. These limitations un-
derscore the need for future studies to consider broader data sources, explore diverse
translation domains, and incorporate more recent research findings for a more compre-
hensive understanding of translation errors in machine translation.
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