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
Abstract—The rapid development of information technology

has motivated universities to implement technology-based student
information systems to enhance the efficiency and effectiveness of
student data management. This research seeks to evaluate
acceptance and trust in student information systems at
universities using a modified version of the Technology
Acceptance Model, incorporating perceived trust as an additional
variable. The study involved a sample of 200 active university
students, with data analyzed using the structural equation
modeling approach. Findings from the analysis show that both
perceived usefulness and perceived ease of use significantly
impact students’ intention to adopt the system, which in turn
influences actual system usage. Additionally, perceived trust
emerged as a critical factor in reinforcing both the intention to use
and the subsequent actual use of the student information system.
The results indicate that the intention to use the system acts as an
essential mediator in the relationships between students’
perceptions of usefulness, ease of use, trust, and their actual usage
behavior. These results have significant implications for
universities aiming to improve the adoption of student
information systems. Enhancing user experience, building system
trust, and ensuring robust security should be prioritized in the
development and refinement of such systems. By focusing on these
aspects, institutions can foster higher acceptance and sustained
usage, leading to more effective student data management and a
better overall educational experience.

Index Terms—SEM, student site, TAM, UNPERBA, user
experience.

I. INTRODUCTION
he rapid development of information and communication
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technology has profoundly transformed various fields,
especially education. As universities strive to adopt more
efficient technological solutions, student information systems
have become critical tools for managing academic and
administrative activities. Universitas Perwira Purbalingga
(UNPERBA) has implemented a technology-based student
information system to streamline services for students.
However, the true effectiveness of such systems depends on
their acceptance and satisfaction among the users students.
To evaluate and understand this acceptance, the Technology

Acceptance Model (TAM) is used. Developed by Fred Davis in
1989, TAM was designed to explain user behavior regarding
information systems. The model highlights two core variables:
Perceived Usefulness (PU) the degree to which a user believes
that a system enhances their job performance and Perceived
Ease of Use (PEOU) the degree to which the system is free
from effort. Both variables are recognized as essential factors
influencing behavioral intentions toward using a system. TAM
has since been widely applied and refined in various technology
adoption studies due to its robust ability to predict user
acceptance in multiple contexts.
In the context of a student information system, TAM is

particularly significant because it provides a structured method
to assess how students perceive the system and how their
perceptions shape their intention to use it. For example, if
students believe that the system is beneficial for their academic
success and easy to navigate, they are more likely to use it
actively, improving the university's operational efficiency and
enhancing student engagement. Conversely, systems that are
perceived as cumbersome or lacking in practical value can lead
to low adoption rates and dissatisfaction, thereby hindering the
institution's goals.
The growing importance of digital learning environments

makes TAM's application even more relevant today. With
universities increasingly turning to online platforms for both
academic and administrative functions, understanding the
factors that drive or impede technology adoption has become a
priority. Research shows that user-friendly interfaces, useful
features, and trust in system security are essential for the
successful implementation of technology in educational
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settings.
Furthermore, TAM's flexibility allows for the inclusion of

additional factors that might impact technology acceptance. In
this study, Perceived Trust has been integrated into the TAM
framework to evaluate whether students' confidence in the
system's security, privacy, and reliability influences their usage.
By expanding the model, this research aims to provide a more
comprehensive understanding of how student information
systems are accepted, particularly in a context where data
security and user trust are increasingly important.
Thus, this study focuses on applying the Technology

Acceptance Model to the student system at UNPERBA. By
examining factors like usefulness, ease of use, and trust, the
research aims to uncover insights into how these elements
shape students' intentions to use the system. These insights are
expected to guide future improvements in the system, ensuring
a more effective and user-friendly experience for students.

II. RELATEDWORK

PU is a fundamental construct in the TAM that has been
widely acknowledged for its role in influencing actual system
use. [1] defines PU as the degree to which a person believes that
using a specific system enhances their job performance. When
users perceive a system as beneficial and capable of improving
their productivity or effectiveness, their likelihood of adopting
and continuously using the system increases [2], [3]. This
positive relationship is supported by numerous studies that
highlight how PU acts as a key driver for system adoption. The
stronger the perceived benefit, the more active and consistent
the user engagement tends to be.

Empirical evidence from various fields, such as educational
technology and enterprise systems, reinforces this relationship.
For example, systems perceived as useful in enhancing task
performance see higher levels of adoption among users [2], [3].
These findings underscore that the practical benefits perceived
by users significantly influence their decision to engage with a
system. Therefore, it is hypothesized that PU exerts a positive
effect on actual system use, making it an essential element for
fostering sustained system engagement.

PEOU is another pivotal factor in TAM, defined as the
degree to which users believe that using a particular system will
be effortless. Reference [4] posits that when a system is
user-friendly, it is more likely to be adopted and integrated into
users’ routines. The rationale behind this hypothesis is that ease
of use minimizes the cognitive and technical barriers associated
with system interaction, making users more inclined to
continue using it.

Research by [5] confirmed that PEOU directly correlates
with actual system use, suggesting that the simpler a system is
to operate, the higher the probability that users will adopt and
sustain its use. This relationship is particularly evident in digital
platforms where user experience directly impacts user retention.
Thus, perceived ease of use plays a crucial role in influencing
actual system use, as it lowers resistance to adoption and
enhances user satisfaction. Systems that prioritize intuitive
designs and straightforward navigation are more likely to

witness greater usage rates.
Perceived trust (PT) represents users’ belief in the reliability,

safety, and trustworthiness of a system. Trust is particularly
vital in online and digital environments where concerns about
security and data privacy can deter usage. Studies conducted by
[6] and [7] have demonstrated that higher levels of perceived
trust encourage consistent and frequent use of systems,
especially in domains where trust is paramount, such as
e-commerce and e-learning.

The significance of perceived trust lies in its ability to
reduce users' apprehensions regarding system reliability. When
users trust a system to safeguard their data and provide secure
interactions, their commitment to using the system strengthens.
This hypothesis aligns with the broader understanding of trust
as a critical factor in user acceptance and continued
engagement with digital platforms. Therefore, it is anticipated
that perceived trust positively affects actual system use by
fostering user confidence and encouraging ongoing utilization.

The link between PU and the intention to use a system has
been well-documented in prior research. For instance, studies
by [8] and [9] have highlighted that when users perceive a
system as valuable for achieving their professional or academic
goals, their intention to use the system strengthens. This
relationship underscores the idea that perceived benefits
contribute significantly to shaping users' behavioral intentions.

In various contexts, including e-learning and business
applications, the positive correlation between PU and usage
intention has been validated [9], [10]. Users who acknowledge
the utility of a system are more likely to demonstrate a strong
intention to integrate it into their daily activities. This
hypothesis, therefore, reinforces the importance of PU as a
driving factor behind users’ willingness to adopt and engage
with technology.

PEOU has been shown to significantly influence users'
intention to adopt technology. The premise is that when users
find a system easy to navigate and operate, their likelihood of
forming a positive intention to use it increases. Reference [11]
stated that systems requiring minimal effort lead to higher user
interest, as ease of use facilitates a more seamless user
experience.

Further supporting this, [12] discovered that systems that do
not pose cognitive or technical challenges promote greater user
intention to use. This is particularly relevant for new or
complex technologies where initial impressions based on
usability can determine user adoption. Therefore, systems that
prioritize PEOU tend to see stronger user intentions to engage,
confirming the positive relationship between ease of use and
usage intention.

PT is integral in shaping users’ intentions to use a system,
especially in online environments where security and data
privacy are major concerns. Research by [13] supports this
hypothesis, showing that trust fosters a sense of security,
thereby enhancing users' intention to use the system. Users who
trust a system’s integrity, reliability, and security features are
more likely to express a strong desire to use it.

This relationship is critical in settings where trust serves as a
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primary motivator for user engagement, such as in digital
services and e-commerce. High levels of trust create a
foundation for users to feel comfortable and confident in their
interactions with the system. Thus, perceived trust is
hypothesized to positively affect intention to use, underscoring
its role in the broader technology acceptance process.

Behavioral intention is widely regarded as a reliable
predictor of actual system use. Within TAM, intention to use is
understood to be a direct precursor to actual usage behavior.
Studies have consistently supported this premise, including
work by [15], who applied the Theory of Planned Behavior
(TPB) to show that usage intention is a significant determinant
of user behavior [13], [14].

The relationship between intention and actual use is
essential for understanding how users transition from
consideration to action. High levels of intention often translate
into frequent and sustained usage, as individuals who express a
strong intention to use a system are more likely to follow
through with that behavior. Therefore, it is hypothesized that
intention to use positively correlates with actual system use,
validating the predictive nature of behavioral intentions.

Research indicates that PU can influence actual system
usage through the mediating effect of intention to use. Studies
by [16] and [17] illustrate that users who recognize the benefits
of a system are more inclined to form a strong usage intention,
which subsequently leads to actual use. This suggests that the
relationship between PU and actual use is not purely direct but
is facilitated by intention [16], [17].

This mediated relationship emphasizes the importance of
intention as an intermediary variable that bridges the gap
between users' perceptions and their actions. Systems designed
to highlight their usefulness are more likely to stimulate
intentions that, in turn, drive actual engagement. Thus, the
hypothesis posits that PU has a positive effect on actual system
use through the mediating role of intention.

PEOU is also found to impact actual system use through the
mediating role of intention. According to [13], systems
perceived as easy to use foster stronger usage intentions, which
then translate into increased actual use. This sequence
underscores the idea that while ease of use can directly
influence use, its effect is often amplified through the user’s
intention.

The mediation model highlights that user-friendly systems
not only lower barriers to adoption but also motivate stronger
intentions that lead to more consistent use. The hypothesis thus
states that PEOU positively affects actual system use when
mediated by intention, reinforcing the dual pathway of direct
and mediated effects in technology adoption.

PT similarly impacts actual system use via the mediating
role of intention. Study [12] provided evidence that trust
enhances user intention to adopt a system, which in turn
promotes sustained and frequent usage. This mediated pathway
shows that trust acts as a foundational element that not only

inspires intention but also supports consistent system use.
Trust-related concerns, particularly in online and

data-sensitive systems, are often mitigated when users perceive
the platform as secure and reliable. As such, this hypothesis
posits that perceived trust exerts a positive effect on actual
system use, mediated by the intention to use. The relationship
underscores the importance of fostering trust to boost user
commitment and system engagement.

III. RESEARCHMETHOD

In this study, an online self-assessment questionnaire
survey was conducted between July and September 2024 to
collect data from UNPERBA students who had prior
experience using the student system in their academic activities.
The survey aimed to capture users’ perceptions and interactions
with the system, ensuring that responses reflected relevant and
current experiences. The chosen period allowed sufficient time
to gather a substantial dataset, capturing a range of student
perspectives and ensuring seasonal variations in system use
were accounted for.

A data screening process was applied to enhance the
validity and reliability of the collected responses. This
screening was crucial to exclude participants who had not used
the student system for more than six months, as prolonged
inactivity could lead to recall bias or irrelevant feedback. By
focusing on more active users, the study minimized potential
biases that might have skewed the analysis. As a result, only
data from respondents with recent and relevant system usage
were retained for further examination.

Out of an initial pool of 191 respondents, the data screening
process refined the dataset to 66 usable entries. This selection
ensured that the final dataset was both representative and
reliable, focusing on participants whose engagement with the
student system was current and reflective of its real-world use.
Table 1 illustrates the demographic composition of these
respondents, providing insight into the distribution of
characteristics such as age, gender, and academic background,
which are essential for contextualizing the findings.

Table 1.
Respondent Demographics

Characteristics Items Frequency Percentage

Gender
Male 100 52.6%

Female 91 47.4%

Age

16 - 20 44 23.2%

21 - 25 90 46.3%

> 26 57 30.3%

Education Level High School 70 36.6%
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Undergraduate 60 31.4%

Graduate 61 31.9%

System usage
> 1 Year 77 40.3%

< 1 Year 114 59.7%

The survey was structured into two main sections to
comprehensively address the research objectives. The first part
gathered demographic information, such as age, gender, and
academic background, to provide context for analyzing the
respondent group. This initial section was crucial for
understanding the composition of participants and ensuring that
subsequent data interpretations considered demographic
factors.

The second part of the survey focused on measuring the
research hypotheses, using questions derived from validated
scales and existing literature to ensure reliability and alignment
with previous studies. The questionnaire's validity was
confirmed through established pre-testing methods, reinforcing
its credibility for data collection. A seven-point Likert scale
was employed for these questions, enhancing the precision of
responses by offering a range that captured subtle differences in
participant opinions and experiences. This approach facilitated
a more accurate assessment of user perceptions and their
relationship with system usage.

Fig. 1. Research framework.

This study also evaluates the existence of multicollinearity
between constructs through Variance Inflation Factor (VIF)
analysis. VIF analysis is essential in determining whether
independent variables are highly correlated, which could distort
the regression results and reduce the interpretability of the
model. The VIF values in this study ranged from 1.000 to 4.649,
indicating that multicollinearity was not present among the
latent constructs. These values fall well within the accepted
threshold, ensuring that the constructs could be analyzed
without the risk of multicollinearity affecting the results.

The finding aligns with the guidelines provided by [18] and
[19], who recommend that a VIF value below 5.0 is necessary
to maintain the model's relevance and stability. By confirming
that the VIF values were within this range, the study could
confidently proceed with its analysis, knowing that

multicollinearity would not compromise the relationships
examined between the variables. This step reinforced the
robustness of the study's analytical framework, supporting the
validity of the subsequent findings and interpretations.

Table 2.
Results of Inner VIF

Construction VIF

X1 → Y 1.000

X2 → Y 4.649

X3 → Y 3.899

X1→ Z 4.455

X2→ Z 4.122

X3→ Z 3.899

Z → Y 4.170

IV. RESULT
This study utilized SmartPLS 3 software to facilitate the

measurement and analysis processes, leveraging the partial
least squares (PLS) method for structural equation modeling.
The software's capabilities allowed for efficient handling of
complex models and the simultaneous evaluation of multiple
relationships between constructs. Table 3 details the specific
measurement items employed in the study, which were derived
from established sources to ensure methodological consistency
and theoretical alignment.
During the measurement stage, reliability and validity

assessments were conducted to confirm the robustness of the
constructs. This included evaluating internal consistency using
Cronbach’s alpha and composite reliability, as well as assessing
convergent and discriminant validity to validate the
relationships among constructs. In the subsequent analysis
stage, the structural model and path coefficients were evaluated
to test the proposed hypotheses and examine the directional
relationships between practices X1, X2, X3, Z, and Y. Each
construct was represented by a series of indicators previously
explored and validated in related studies, ensuring that the
measurement model adhered to established theoretical
frameworks.

Table 3.
Questionnaire Measurement Items

Measured Items
Variable X1, source: [8], [20], [21]

Increased
Productivity

Do you agree that using this application provides
significant benefits in your academic activities?

Do you agree that this application is effective in
improving your efficiency or performance in completing
college assignments?

Consistent
Use of
Features

To what extent do you agree that this application provides
useful solutions or makes your academic work easier?

Do you agree that the features provided by this
application provide significant benefits in your student
activities?

Variable X2, source: [22]–[24]
Ease of Do you agree that the user interface of this application is

intuitive and easy to understand?
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Navigation To what extent do you agree that this application does not
require excessive effort or a long time to complete the
desired task?

Learning
Time

Do you agree that this application is easy to navigate
without experiencing major difficulties?

How much do you agree that using this application does
not require external assistance or additional training?

Variable X3, source: [25]–[27]
Data
Security

Do you agree that this application can keep your data
secure and private well?

To what extent do you agree that this application can be
relied upon to provide services or information that are
truly useful to you?

Performance
Consistency

Do you agree that this application can be relied upon to
provide accurate and consistent results?

How confident are you that this application can be relied
upon to provide services or information that are truly
useful to you?

Variable Z, source: [25], [27], [28]
Intention of
Long-Term
Use

How much do you agree that your intention to continue
using this app in the long term is strong enough?

Do you agree that you intend to try new features or use
this application more intensively in the future?

Intent for
Feature
Exploration

To what extent do you agree that you plan to integrate the
use of this application into your academic routine or
activities?

Do you agree that you will continue to use this application
even if there are other alternatives available?

Variable Y, source: [29], [30]
Frequency of
Use

How often do you agree that you use this application in
your daily activities or in an academic context?

Do you agree that you use all the features provided by this
application regularly, or only a small part of them?

Effectiveness
of Use

To what extent do you agree that using this application
has increased your efficiency or productivity in specific
academic activities or tasks?

Do you agree that your use of this application reflects
your preference in choosing this application over other
available alternatives?

This study utilized SmartPLS 3 software to facilitate the
measurement and analysis processes, leveraging the partial
least squares (PLS) method for structural equation modeling.
The software's capabilities allowed for efficient handling of
complex models and the simultaneous evaluation of multiple
relationships between constructs. Table 3 details the specific
measurement items employed in the study, which were derived
from established sources to ensure methodological consistency
and theoretical alignment.
The Partial Least Squares (PLS) method was chosen over

other structural equation modeling (SEM) techniques due to its
flexibility and suitability for exploratory research. PLS is
particularly effective for assessing causal relationships between
variables while handling both measurement and structural
models simultaneously. This dual capability allows for the

evaluation of complex predictive models involving numerous
constructs, making it ideal for studies with interrelated
variables like X1, X2, X3, Z, and Y. Additionally, PLS is
robust when working with smaller sample sizes and can process
both reflective and formative indicators, providing an
advantage over covariance-based SEM methods that primarily
handle reflective indicators.
In this study, the sample size requirement for PLS analysis 5

to 10 times the number of paths in the model was satisfied, with
191 respondents and 7 paths in the model. This adherence to
sampling guidelines ensured that the analysis could be
conducted effectively and yielded reliable results. Despite these
strengths, PLS does have certain limitations, such as a
two-stage parameter optimization process that may introduce
bias in the estimation of structural path coefficients. To address
this, the study incorporated a thorough review by technology
experts to validate the appropriateness of the measurement
items. Furthermore, the absence of a global model fit standard
in PLS-SEM requires researchers to exercise critical judgment
when interpreting results and consider using supplementary
methods for confirmatory purposes. This careful approach
enhanced the robustness and trustworthiness of the study's
findings.

A. Outer Model and Validation
The external model in this study was evaluated based on

three primary criteria: reliability, concurrent validity, and
discriminant validity. Reliability was assessed using composite
reliability values, which all exceeded 0.7 an indicator of strong
construct reliability. This suggests that the measurement items
were consistently capturing the intended constructs. The
reliability findings underscored that the survey items were
robust enough to produce repeatable results, supporting the
dependability of the constructs within the model.
Concurrent validity was confirmed by examining the factor

loadings of each indicator, which surpassed the minimum
threshold of 0.5. Additionally, the average variance extracted
(AVE) values were greater than 0.5, as recommended by
Fornell and Larcker, demonstrating that the constructs captured
a sufficient amount of variance. These results highlight that the
measurement model met established standards for convergent
validity, ensuring that the indicators accurately represented
their associated constructs.
Discriminant validity was validated by comparing the factor

loadings of items on their own constructs against those on other
constructs. The results showed that the factor loadings for
individual constructs were higher than cross-loadings with
other constructs, as illustrated in Tables 4 and 5. This finding
indicates that the constructs were distinct from one another,
fulfilling the requirement for discriminant validity. Overall,
these evaluations confirmed that the external model possessed
good reliability, adequate convergent validity, and strong
discriminant validity, providing a solid foundation for further
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structural model analysis.

Table 4.
Reliability Analysis and Convergent Validity

Measurement
Construct

Measurement
Items

Factor
Loading

Cronbach's
Alpha

Composite
Reliability

AVE

Perceived
Usefulness

X1.1 0.825
0.876 0.904 0.723

X1.2 0.782

Perceived
Ease of Use

X2.1 0.809
0.773 0.838 0.772

X2.2 0.827

Perceived
Trust

X3.1 0.822
0.797 0.824 0.790

X3.2 0.845

Intention to
Use

Z1 0.822
0.844 0.838 0.725

Z2 0.808

Actual
System Use Y1 0.810 0.865 0.855 0.787

Table 5.
Discriminant Validity Discriminant Validity

X1 X2 X3 Z Y

X1 0.888

X2 0.854 0.873

X3 0.863 0.867 0.871

Z 0.860 0.855 0.853 0.861

Y 0.842 0.857 0.845 0.838 0.859

B. Inner Model Result and Hypothesis Testing
The findings presented in Table 6 indicate that all hypotheses

were statistically significant, yielding positive results that align
with the theoretical expectations. These results not only
confirm the hypothesized paths but also strengthen the overall
explanatory power of the model. Figure 2 further complements
the insights from Table 6 by visually depicting the relationships
and significance levels between the constructs. This
visualization provides a clear understanding of the strength and
direction of the relationships examined in the study. Table 6
offers detailed insights into the path coefficients, p-values, and
t-values for each relationship, highlighting the robustness of the
model and supporting the conclusions drawn from the data. In
conclusion, the inner PLS model analysis validated the
proposed hypotheses and confirmed the reliability of the
research framework. The significant relationships observed
between the constructs demonstrate the model's effectiveness in
capturing the dynamics of the study variables. These findings
contribute to a deeper understanding of the causal interactions
among practices X1, X2, X3, Z, and Y, supporting the
theoretical underpinnings of the research.

Table 6.
Summary of Inner Model Results

Hypothesis Path
Coefficient T-Value Results

H1 X1 → Y 0.719 6,970 Approved

H2 X2 → Y 0.893 7,518 Approved

H3 X3 → Y 0.903 6,011 Approved

H4 X1 → Z 0.750 6,873 Approved

H5 X2 → Z 0.804 6,656 Approved

H6 X3 → Z 0.723 6,738 Approved

H7 Z → Y 0.815 7,132 Approved

C. Testing Mediation Effect
In this study, the significance of the mediating variables was

determined using path analysis and the Sobel test. The Sobel
test is particularly useful for evaluating the indirect effects of
mediation by calculating both the Z value and p-value, ensuring
the rigor of the analysis. Table 7 provides the detailed results of
the Sobel test, highlighting the statistical significance of each
mediating pathway.
The analysis revealed that all calculated Z values for the

mediating variables exceeded the threshold value of 0.01,
confirming their statistical significance. This indicates that each
mediating variable has a meaningful impact on the relationship
between the independent and dependent variables. The
presence of significant mediation effects implies that these
variables serve as crucial components in explaining how the
independent variables influence the outcomes.
Moreover, these findings suggest that mediating variables do

not merely exist passively but actively shape the strength and
direction of the relationships within the model. Understanding
and including mediating variables can offer deeper insights into
the mechanisms underlying the observed associations. Their
consideration is essential for researchers aiming to develop a
more comprehensive understanding of the causal pathways.
Future studies should thus integrate mediating factors to fully
grasp the complexity of these relationships and enhance the
explanatory power of their models.

Table 7.
Mediation Test Results

Construction Construct
Relationships

T-Value of Path
Coefficient

Sobel Test

X1 → Z→ Y X1 → Z 3,117 .0319

Z → Y 9,021

X2 → Z→ Y X2 → Z 5,524 .0303

Z → Y 6,601

X1 → Z→ Y X3 → Z 5,524 .0393

Z → Y 3,117

V. DISCUSSION

The results of this study indicate that all hypotheses are
accepted, which provides several important implications for the
University) and its student affairs system. First, the positive
influence of PU on actual system use and intention to use
confirms that students at the University will be more likely to
use the student affairs system if they feel real benefits in
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improving their academic or administrative performance.
Therefore, the development of more useful features in the
system, such as more efficient integration of academic services,
quick access to information, and functions that support
self-learning, will increase the overall use of the system.
Management should focus on ensuring that the system not only
meets administrative needs but also offers added value to its
users.

Second, PEOU which is positively related to intention to
use and actual system use shows that ease of use is a key aspect
in increasing the adoption of student systems. This means that
the system design should prioritize a simple and intuitive user
interface. Universities can consider improving the user
experience by optimizing system accessibility via mobile
devices, simplifying navigation, and providing clear user
guidance. This will minimize technical barriers that may reduce
system use, especially for students who are less familiar with
technology.

Furthermore, the acceptance of the hypothesis related to PT
confirms the importance of student trust in the system used.
Trust in security, data privacy, and system reliability are
important factors that drive the intention and actual use of the
student system. In this context, universities need to ensure that
the student system is equipped with strict security features,
including data encryption, secure user authentication, and
protection of student information privacy. By building a
trustworthy system, universities can increase student
confidence in using the system without worrying about data
misuse.

Another implication of this study is the important role of
intention to use as a mediator in the relationship between
perception (PU, PEOU, PT) and actual system use. This
indicates that students' intention to use the system is the key
that bridges their perception of the system with actual usage
behavior. Therefore, UNPERBA needs to make additional
efforts to motivate students to have a strong intention to use the
system. One approach that can be taken is through an awareness
campaign and training on system use, so that students better
understand the benefits and ease of using the system.

Overall, the findings of this study provide guidelines for
universities in developing and managing more effective student
information systems. Improved functionality, usability, and
security of the system will have a direct impact on student use
of the system, which will ultimately improve the overall
operational efficiency of the university. By considering these
implications, universities can create a more supportive
academic environment for students, where student information
systems become a crucial tool in supporting their academic
success.

VI. CONCLUSION
This study has successfully analyzed the acceptance of the

student affairs system at Universitas Perwira Purbalingga
(UNPERBA) using the TAM framework modified by adding
the Perceived Trust variable . Based on the results of hypothesis
testing, all research variables are proven to have a positive
influence on the actual use of the student affairs system. PU and
PEOU are proven to play a significant role in increasing
students' intention to use the system (Intention to Use) and
ultimately affect actual use. This shows that students are more
likely to use the system if they feel its benefits and ease of
operation. In addition, student trust in the system (Perceived
Trust) also plays an important role in encouraging the intention
and actual use of the system.

This trust is mainly related to the guaranteed security and
privacy of data, as well as the reliability of the system in
providing academic and administrative services. This factor
underlines the importance of building a system that is not only
easy to use and useful, but also safe and trustworthy for users.
This study also highlights the role of Intention to Use as a
mediator that bridges the relationship between students'
perceptions of the system and their actual use of the system.
The intention to use the system is a key factor that influences
how often and how effectively students use the student system
at the University.

Overall, this study provides practical implications for
student system managers at universities. To increase student
adoption and satisfaction with the system, it is necessary to
improve the usability, ease of use, and security aspects of the
system. These findings also provide guidance for the
development of a more effective student system, where the
focus on user experience, reliability, and security are top
priorities in the development of technology-based systems in
higher education environments.
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